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Structured Uncertainty Prediction Networks
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Between-class Learning for Image
Classification
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1. Enlargement of Fisher’s criterion
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2. Regularization of positional relationship

Standard learning A BC learning (ours)
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Dynamic Video Segmentation Network
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if expected confidence score < threshold Segmentatlon path
run segmentation path
else
run spalial warping palh
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Step 1. Frame divided into regions -} Step 2. Decision making by DN -} Step 3. Regional semantic segmentation generated by different networks
Figure 3: DVSNet framework



